Introduction
The January effect, first documented by Rozeff and Kinney (1976) , is the phenomenon that riskadjusted, returns in January provide abnormally higher return than in any other month. In other words, the January effect indicates a systematic pattern in security prices. According to the January effect, the average raw returns of January month earn significantly profits than average returns of other eleven months of the year. In contrast, the efficient market theory (EMT) is based on the random walk theory, which means that the future of stock prices is unpredictable and fluctuates in no patterns. Actually, the prices are independent and move in random walk. As a result, the presence of January effect in stock market returns is not consistent with the efficient market theory.
This study aims to update and expand the study of Maghayereh (2003) and Alrabadi and AL-Qudah (2012). Maghayereh (2003) investigate whether there is a January effect in Amman Stock Exchange (ASE) over the 9 years period from January 1994 to December 2002. He finds no evidence of the January effect and, therefore, investors cannot useful of information related to the month of the year when investing in ASE. On the other hand, Alrabadi and AL-Qudah (2012) re-examine the possible existence of the January effect in ASE over the 10 following years period from January 2002 to December 2011. Although Alrabadi and AL-Qudah (2012) show statistical significant January effect in ASE, the ten years (10 observations for each month) is not considered enough to have significant results. Therefore, to fill this gap, this study attempts to examine the existence of January effect in ASE by covering a broader period of previous two studies extends from 1988 to 2014. Furthermore, this study not only examines the existence of the January effect in Jordan, but also it investigates the presence of the January effect in other three Arabic market indices which are Egypt, Lebanon and Morocco. This paper makes the following contributions to the literature in this area. It represents one of the limited numbers of studies that examine empirically the January effect using four Arabic market indices. Therefore, this paper provides an excellent research opportunity to add to the empirical literature. In addition, the current study employs OLS with Newey-West (1987)HAC Standard Errors and Covariance in order to account for heteroskedasticity and serial correlation in the obtained residuals and GARCH (1, 1) as a standard model to control for heteroskedasticity. Unlike the Alrabadi and AL-Qudah's (2012) study that investigate the January effect by using ASE free float market index , this paper uses MSCI Arabic market index for each country. Rogalski and Tinic (1986) find that the market portfolio and portfolios of small-firm stocks have higher returns in January than in other months of the year. They show that small-firm stocks have considerably higher total systematic and residual risks in January than in the other months. In the Istanbul stock market, Balaban (1995) examine month of the year effects in Turkey over the period 1988 to 1993. He uses percentage returns on the Istanbul Securities Exchange Composite Index (ISECI). Balaban (1995) show that three months named January, June and September provide significant large returns. Furthermore, among these three months, January has the largest daily returns of 1 percent. Balaban (1995) expect that asymmetric information among traders play an important role in explaining these anomalies. Seyhun (1988) examines the seasonal pattern of aggregate insider trading. He suggests that the January effect arises from predictable changes in turn-of-the-year demand for securities or it represents compensation for the higher risk of trading against informed traders at the turn of the year.
Literature review
Analyzing all stocks in the New York Stock Exchange (NYSE) based on monthly data from 1926 to 1993, Haugen and Jorion (1996) investigate whether the January effect is presence. They show no evidence that the January effect has disappeared from the NYSE in recent years. Sun and Tong (2010) show that the January effect is based on higher compensation for risk in the month. Cooper et al.(2006) examine the predictive power for January returns over the period 1940 to 2003. They confirm popular wisdom; they show that January returns have predictive power of the returns over the remaining months of the year. Using a time-series GARCH framework with the conditional variance/covariance as proxies for systematic risk, Sun and Tong (2010) reinvestigate the suggestion by Rogalski and Tinic (1986) that the January effect may be a phenomenon of risk compensation in the month. They find that there is no clear evidence that either conditional volatility or unconditional volatility in January is mainly higher across the sampling years.
In the Jordan market, Maghayereh (2003) investigate whether there is the January effect in the ASE over the period from 1994 to 2003. using three different conditional variance specifications: the standard GARCH, EGARCH and the GJR models, Maghayereh (2003) find that there is no evidence of the January effect. On the other hand, using Amman Stock Exchange ASE data from 2002-2011, Alrabadi and AL-Qudah (  2  202  ) investigate calendar anomalies in terms of the day of the week, month of the year, and turn of the month effects. The primary methodologies are used to examine calendar anomalies based on regression analysis with dummy variables. The month of the year effect is examined through estimating the time series regression model which includes twelve dummy variables. The approaches used to estimate the January effect model is OLS with Newey-West HAC Standard Errors and Covariance and GARCH (1, 1). Alrabadi and AL-Qudah ( 2022 ) find that returns are significantly higher on Sundays (the first day of trading of the week) and Thursdays (the last trading day of the week) than other days of the week. Furthermore, a highly significant January effect exists.
Using monthly returns for Dhaka Stock Exchange (DSE) in Bangladesh from January 1987 to November 2012, Ahsan and Sarkar (2013) investigate existence of January effect. They show that while there is no evidence of January anomaly, there is significant positive return in June. Therefore, they doubt against efficient market hypothesis and conclude that investors have opportunity to take advantage of this June anomaly. In a more recent study, Patel (2015) investigate January effect in a representative U.S. stock index, developed stock index, different regional stock market indices and the emerging stock market index for the recent time period, January 1997 through December 2014. . The findings of this study confirm growing literature that show that January effect does not exist anymore in stock returns.
Yuan, Tulgaa, and Ou (2015) examine the market efficiency in Asian emerging markets. They use Ttest and moving average price index (MA) approach to investigate both the January and momentum effects. Yuan, Tulgaa, and Ou (2015) did not find January effect but they show that there is momentum effect in Asian emerging market. Luu, Pham, and Pham (2016) attempt to test the January effect in Vietnamese Stock Market during the period of 2006 to 2014. They find that the January effect exists. Thus, the Vietnamese stock market is not efficient.
To summarize the January effect, some researchers have investigated the January effect at the level of developed market indices, while few researchers examine the January effect at the level emerging market indices, especially in Arabic markets. Although the study of Maghayereh (2003) addressed the impact of the January effect in ASE, it was short-covering a period from January 1994 to December 2003. Therefore, the total number of observations is only 12 for each month and this period is considered a short to discover the January effect. In addition, although Alrabadi and AL-Qudah (2012) find the January effect in ASE over the period 2002-2011, this period is also considered a short and the total number of observations is only 11 for each month. The current study is distinct from the study of Maghayereh (2003) and Alrabadi and AL-Qudah (2012) that it covers a longer period extends from February 1988 to December 2015 and the total number of observations is 28 for each month, which leads to be more accurate results. In addition, the current study not only addresses the January effect in ASE, but also it addresses the January effect in other three Arabic market indices which are Egypt, Lebanon and Morocco. Table 1 summarizes the four Arabic countries, together with average monthly return, standard deviation, maximum and minimum return for each index. The methodology is essentially based on regression analysis with dummy variables. The month of the year effect is investigated by estimating the following time series regression model which involves 12 dummy variables, one for each month of the year. In the final analysis, this paper compared January returns with each specific month returns of the year. Thus, the current study utilizes the following OLS dummy regression equation on each of the four indices as follows:
Methodology of research
Rmt is the market return on month t for each of the four index series utilized in this study. Djt: are dummy variables which take on the value 1 when the corresponding month is January, February, .…, or December, respectively and 0 otherwise. The coefficients βis are the regression loadings corresponding to the dummies of the model and etis the error term. AR(1) is added to account for the lagged effect of market return. The model is estimated without an intercept in order to avoid the dummy variable trap (Gujarati, 2004) . The results of the above-mentioned four regression equations are reported in Table 3 .
The approach is used to estimate the previous model, OLS with Newey-West HAC Standard Errors and Covariance in order to account for heteroskedasticity and serial correlation in the obtained residuals and GARCH (1, 1) as a standard model to control for heteroskedasticity. Table 1 reports descriptive statistics of whole sample. The table details 4 Arabic Market Indices, showing the monthly average return, standard deviation, maximum and minimum returns for each index. Table 1 reports differences in the average and standard deviation of returns. The table shows that the Egypt market index has the largest monthly average at 1.73% and the largest average standard deviation of 9.83%, while the Jordan market index has the lowest monthly average at 0.40% and the lowest an average standard deviation of 5.47%.
Results
In this section, this paper analyses the results of January effect over the 4 Arabic market indices. Table 2 shows that the average returns of the Jordan market index earns significant profits. The January effect in Jordan market index generates average returns of 3.13% (t-stat 2.76), while the other months doesn't provide any significant profits. The results in Panel B and C and D of Table 2 for the Egypt, Lebanon and Morocco market indices, respectively show positive and large average returns for the January effect. Although the January effect in these three markets indices are not statistical significant, they are still economically large, ranging from 2.38% to 1.97%. Therefore, we next examine the effect of January of the each Arabic market indices using of both OLS and GARCH (1, 1) regressions.
Finally, it is noted that the February month in Egypt and April month in Lebanon achieves high profits and they are statistically significant. These months either February or April in Egypt and Lebanon earns 4.20% with t-stat (2.10) and 1.29% with t-stat (2.18) per month, respectively. This result opens the field to question and research why profits rise in these particular months. The regression analysis in Table 3 in all Panels A, B, C and D shows consistent results. The results of both OLS and GARCH (1, 1) show a positive and significant January effect. In other words, a closer observation of each individual month return reveal January returns perform relatively strong and is ranked higher in performance in comparison to most of the other eleven months of the year in each of these four market indices. Other monthly returns are insignificant and sometimes negative. Using both OLS and GARCH models, Tables 3 shows that market returns are highest in January confirming the January effect. For example, the January month returns in Jordanian and Moroccan market indices in Panel A and D are both large (3.12% and 2.69% per month) and statistically significant (p-value 0.03 and 0.02), respectively. On the other hand, while the January month returns in Egyptian and Lebanese market indices in Panel B and C are weakly and statistically insignificant, they are still large and economically significant (3.26% and 4.76% per month), respectively.
